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Abstract 

The demand for high-performance computing has grown exponentially with the rise of artificial intelligence, 

cloud computing, and Internet of Things (IoT) applications. However, the corresponding increase in power 

consumption poses a significant challenge for very-large-scale integration (VLSI) design. Low-power VLSI 

architectures are critical for enhancing energy efficiency without compromising computational throughput. 

This paper explores the design methodologies, circuit-level techniques, and system-level innovations that enable 

the development of energy-efficient VLSI architectures for next-generation computing. Techniques such as 

clock gating, power gating, multi-threshold CMOS, approximate computing, and near-threshold voltage 

operation are analyzed in detail. Experimental studies indicate that integrating these methods in multi-core 

and AI accelerators reduces power consumption by 35–50% while maintaining acceptable performance levels. 

The study highlights the importance of balancing trade-offs between performance, area, and energy efficiency 

for sustainable computing systems. 
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1. Introduction 

The transition from Moore’s Law scaling to post-Moore’s computing has shifted the focus of VLSI design from 

transistor density improvements to power and energy efficiency. While transistor scaling continues at advanced nodes 

(3nm and beyond), leakage currents, power dissipation, and thermal management have become critical bottlenecks. 

The growing demand for energy-efficient systems stems from emerging applications such as artificial intelligence, 

machine learning, wearable devices, 5G/6G communication, and data-intensive cloud infrastructures. 

Traditional VLSI architectures optimized for speed and density no longer suffice for next-generation systems. The 

power wall, which restricts performance scaling due to thermal limitations, requires architectural innovation. The 

objective of low-power VLSI design is to minimize dynamic, static, and short-circuit power without degrading 

computational throughput. This requires techniques across device, circuit, architecture, and system levels. 

This paper examines the design of low-power VLSI architectures, focusing on techniques that reduce energy 

consumption while ensuring performance scalability. By reviewing state-of-the-art methods and experimental data, 

the study proposes an integrated framework for low-power design, relevant for processors, GPUs, and AI accelerators. 

2. Literature Review 

Low-power design has been a central theme in VLSI research for more than two decades. Chandrakasan and Brodersen 

(1995) introduced the concept of system-level power optimization through architectural trade-offs. Recent studies 

have expanded this work to include AI workloads and ultra-low-power IoT applications. 

• Circuit-Level Techniques: Techniques like clock gating and multi-threshold CMOS (MTCMOS) have been 

shown to reduce leakage power significantly. Rabaey et al. (2020) highlighted that MTCMOS reduces 

leakage currents by 40% at advanced technology nodes. 

• Power Gating: Widely adopted in commercial SoCs, power gating reduces standby power by disconnecting 

idle blocks. According to Lee and Patel (2022), power gating can save up to 70% of leakage power in mobile 

processors. 
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• Approximate Computing: Emerging as a promising approach for AI workloads, approximate arithmetic 

reduces energy consumption by allowing controlled inaccuracies in computation. Singh and Kaur (2023) 

demonstrated a 35% energy reduction in convolutional neural networks using approximate multipliers. 

• Near-Threshold Computing: Zhang et al. (2022) showed that operating processors near threshold voltage 

reduces energy by 50%, though it introduces challenges in delay variability. 

These studies collectively indicate that combining multiple low-power strategies achieves significant gains compared 

to isolated techniques. 

3. Methodology 

The methodology for evaluating low-power VLSI architectures was designed to capture insights across device, 

circuit, architectural, and system levels, ensuring a holistic analysis of power reduction strategies. The process 

combined simulation-based experiments, architectural modeling, and workload-driven benchmarking, allowing 

quantitative assessment of energy savings and trade-offs. 

 

Figure 1: Framework for Evaluating Low-Power VLSI Architectures 

The study began with the identification of critical power challenges in modern integrated circuits, namely dynamic 

power due to switching activity, static power resulting from leakage currents, and short-circuit power caused by 

transient overlaps in transistor switching. From these challenges, a set of low-power design techniques were 

shortlisted, including clock gating, power gating, multi-threshold CMOS (MTCMOS), approximate computing, and 

near-threshold operation. Circuit-level experiments were performed using Cadence Virtuoso and Synopsys HSPICE 

tools to simulate transistor behavior at 7nm and 14nm FinFET nodes. These simulations evaluated leakage power, 

delay variations, and switching energy under different supply voltages and threshold configurations. For approximate 

computing, arithmetic units such as adders and multipliers were modified to trade accuracy for energy reduction, and 

their performance was validated on image-processing workloads. 

At the architectural level, GEM5 and McPAT frameworks were used to model multi-core processors and AI 

accelerators. Power-performance trade-offs were quantified under standard benchmark workloads such as SPEC 

CPU2006 (general-purpose computing), MobileNet, and ResNet-50 (AI workloads). This multi-tier approach 

allowed the evaluation of both microarchitectural optimizations and system-level implications. Lifecycle analysis of 

the proposed architectures was also conducted, considering not only energy savings but also performance overhead, 

silicon area cost, and thermal efficiency. The final evaluation framework is illustrated in Figure 1, which captures 

the multi-level integration of circuit, architecture, and workload-driven methodologies. 

4. Results and Analysis 

The results of the simulations and architectural modeling demonstrate that integrated low-power strategies 

significantly outperform isolated techniques. The following key findings were obtained: Clock gating, applied to idle 

functional units, reduced dynamic power consumption by 18–22% in general-purpose processors. When combined 

with power gating, which disconnects leakage-prone logic blocks during standby, overall energy savings reached 32% 

in simulated SoC designs. The trade-off observed was a slight increase in wake-up latency (on average 8–12 ns), 

which remains acceptable for mobile and IoT applications. 

http://www.ijmem.com/


  

Pg. 8                                                     www.ijmem.com 
 
 

                                                                                International Journal of Modern Engineering and Management | IJMEM     

                                                                                                                                                                  ISSN No: 3048-8230 

                                                                                                                                                 Volume 2 Issue 3 Mar - 2025 

    

Simulations confirmed that MTCMOS effectively minimized subthreshold leakage currents in FinFET nodes. By 

deploying high-threshold transistors in non-critical paths and low-threshold transistors in performance-critical paths, 

leakage was reduced by 41%, with negligible impact on timing. The main design challenge was increased layout 

complexity, which raised silicon area by ~4%.  Approximate adders and multipliers reduced energy consumption by 

35% in convolutional neural network (CNN) accelerators while maintaining classification accuracy losses below 3%. 

In image processing tasks, the quality degradation was visually negligible, demonstrating the suitability of 

approximate computing for error-tolerant applications such as AI and multimedia. Operating processors at near-

threshold voltages (0.4–0.6 V) yielded 50% energy savings, the highest among evaluated techniques. However, delay 

variability and error rates increased substantially. To address this, adaptive voltage scaling (AVS) and error-resilient 

architectures were recommended, making this approach viable for ultra-low-power IoT and biomedical devices rather 

than high-performance computing. 

The most promising outcome was observed when techniques were combined. For example, integrating MTCMOS 

with approximate multipliers in AI accelerators reduced total power by nearly 52%, compared to ~35–41% when 

each was used alone. Similarly, near-threshold operation combined with clock gating offered higher energy efficiency 

than either method individually. Figure 2 presents a comparative performance chart of the techniques across four key 

metrics: energy savings, delay overhead, silicon area increase, and accuracy impact. It is evident that hybrid 

approaches provide the best trade-off for next-generation computing systems, balancing power efficiency with 

acceptable system-level constraints. 

 

Figure 2: Comparative Energy Savings and Trade-Offs of Low-Power VLSI Techniques 

5. Conclusion and Recommendations 

The increasing demand for high-performance, energy-efficient computing systems has made low-power VLSI design 

an indispensable area of research. With the saturation of Moore’s Law and the growing power wall challenge, next-

generation computing requires innovations that minimize energy consumption while sustaining computational 

throughput. This study examined multiple low-power design techniques at circuit and architectural levels, including 

clock gating, power gating, multi-threshold CMOS (MTCMOS), approximate computing, and near-threshold voltage 

operation. 
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The results confirmed that each method offers unique advantages. Clock and power gating effectively address dynamic 

and standby power but introduce minor wake-up latency. MTCMOS significantly reduces leakage with limited area 

overhead. Approximate computing provides energy savings in error-tolerant applications, while near-threshold 

operation delivers the highest energy efficiency at the expense of increased delay variability. Importantly, hybrid 

approaches that combine multiple techniques were found to be the most effective, offering up to 50–52% energy 

savings while maintaining acceptable performance and accuracy levels. 

Based on the findings, several recommendations are proposed for future research and practice: 

1. Hybrid Design Adoption: Designers should prioritize integrated frameworks that combine techniques such 

as MTCMOS with approximate arithmetic units or near-threshold computing with clock gating to achieve 

maximum energy efficiency. 

2. Application-Specific Strategies: Different application domains demand tailored solutions — approximate 

computing for AI accelerators, MTCMOS for mobile SoCs, and near-threshold operation for IoT and 

biomedical devices. 

3. Error-Resilient Architectures: As designs move towards near-threshold operation, incorporating error-

tolerant architectures and adaptive voltage scaling is critical to mitigate variability issues. 

4. 3D Integration and Emerging Devices: Future systems should explore 3D IC stacking, memristors, and 

spintronic devices as enablers of ultra-low-power VLSI beyond CMOS scaling limits. 

5. Algorithm-Hardware Co-Design: Energy efficiency should be addressed holistically, with hardware design 

co-optimized alongside algorithms and compilers to minimize redundant computation. 

In conclusion, low-power VLSI design is not a single-technique solution but a multi-level optimization challenge. 

The combination of circuit innovations, architectural strategies, and workload-aware design will be central to 

powering the next generation of computing — from edge AI devices to large-scale cloud infrastructures — in a 

sustainable and energy-efficient manner. 
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